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4. Key findings

Figure 3. Qualitative example of RAG output (Only documents k=10).

1.Introduction

Artificial intelligence (Al) is now embedded in many organisations, driving progress while introducing
complex risks. Following Slatteryetal.(2024), Al risk is defined as “the possibility of an unfortunate
occurrence associated with the development or deployment of Al”. Such risks may stem from training
data, algorithms, or human interaction, and can cause harm to individuals, organisations, or society.

The NIST Al Risk Management Framework calls for governance that alighs Al systems with
organisational values (NIST,2023). However, practical methods for detecting conflicts between Al
risks and these values remain limited. Mission statements, which articulate an organisation’s purpose,
commitments, and guiding principles, provide a clear reference point for evaluating such conflicts.

Recent advances in Retrieval Augmented Generation (RAG) enable large-scale Al risk analysis
(Raoetal.,2025). This dissertation applies RAG to the Fortune Global 500 to systematically identify Al
risks, assess their conflict with stated missions, and reveal sector and geographic patterns.

2. Data and methods

Figure 1. Methodology workflow.
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Mission statements from 441 companies in the 2024 Fortune Global 500, were collected through
automated extraction and manual review. An ensemble of large language models (LLM) generated
company descriptions and Al applications, then created a ground-truth dataset for 200 companies by
identifying relevant Al risk domains and assessing conflicts with missions. A human-annotated survey
of 24 companies, following the same process, provided a set for validation. The main method was
RAG, which grounds model outputs in retrieved evidence from a curated knowledge base. Retrieval
setups varied by source (sector-specific documents, Al incidents, or both) and chunk size (6, 10, 14).
Data sources:

e 2024 Fortune Global 500: 500 companies, 441 mission statements collected.

e 20250rbis database: Company profiles and background

e MIT domain taxonomy: It classifies Al risks into 7 domains providing a framework for

identification.

Knowledge base

e Documents: 63 sector-specific documents (3 per sector) from academic and consulting sources

¢ Al incidents: 867 incidents classified under the MIT taxonomy, developed by McGregor (2021)

Figure 2. RAG results against LLM ensemble for each
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Figure 4. Proportion of companies by the number of conflicting risks domains.
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This study demonstrates that LLM and RAG enables scalable
detection of conflicts between organisational missions and Al
risks. The results highlight sector and subregion patterns that
can inform targeted governance and guide the integration of
mission alignment into Al risk assesments.
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